TASI9IUNITAAUILATDIINIRBUIALNALUDIAUAWTZUU Al

Development of a preliminary wound diagnosis machine using an Al

system
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Development of a preliminary wound diagnosis machine using an Al

system.
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1ANUBL UG IWazUsEaNS Anwwed Al n1snaluluaa Al Ly Convolutional Neural
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mM3nTaduinglunmliedssansa (Custom Vision) vesn wilkiiunis Training Type

3 . .| mugndesvesnsyihnuiieuiu o
ﬂ’J’]ﬂJQﬂ(ﬂaQ ATAITULLNULN . y . SeREAN

Class UIUATIVOUNANTO]

(Accuracy) (Precision) (Samples)
(Recall)

Uni 1.0000 1.0000 1.0000 300
LLNﬂWﬂ%ﬁ 0.9901 0.9934 0.9967 300
LLNAER 1.0000 1.0000 1.0000 300
LLN@L‘%@SW 1.0000 1.0000 1.0000 300
LNADNLEN 0.9967 1.0000 0.9967 300

AT LAAINANITNITUSEUNAAWSURIN19YIUNY (Prediction) A1AMILIUEN

YNV ANAIULLIUEN Aady
UIALHE

Un# 300 0 0 0 0 0 100%
uaAnG1 0 299 0 0 0 1 99.66

LbNAFR 0 0 300 0 0 0 100%
UHA T 0 0 0 300 0 0 100%
WHATNLEN 0 1 0 0 299 0 99.66
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